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Question: How to organize 16 alloy atoms (Si: 8, Ge: 8) to obtain the largest and
smallest interfacial thermal conductance?

Lead S1/Ge alloy region Lead
Descriptors: C;, =12,870
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Calculator: Atomistic Green’s Function (AGF): Phonon transmission

Evaluator: Interfacial Thermal Conductance (ITC)

Optimization method: Thompson Sampling (Bayesian Optimization) i,] 1_1.
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